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PYthon SRR -vvrrveevrsoesvoee 314
NIV VR G 7 ¢ o — 346
F Faker 4 BRABHBR -vrrooeroor 353
TETUIZRIETR -ovveveeesesmssmssmsmsssssssnsnsnnnnes 359
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MO A TEIXER Sy, AT Pandas HIRZ MU K AN BEHRSEM: —4E Series
A4 DataFrame. 2 1 T8 Pandas 7087 T H4E, 138 7T DASZED T A% Pandas [ZhRE. 26 2
BTG 3 TR Series, BAFUHTMLFFAGEEE Series, U MNIMTEARERNE, FEAH
MRKERE:. GarimZEias. 5§ 4 ZNHARE DataFrame, UURMIEHERHIREUT. ZIFMER
BRI 5 5 BN E Tl N PR RS DataFrame 1T T4, M REF, FRATERTT 8
MR, WA SIMNTI NBA 3R 5, BRI KA WA,

AH AT | Pandas FEARNEY, LKA R Pandas 5% 1 AEIZERFIIN. ROR—1)%
TINEKITG, MR NIHEESTTS, ARG RBIE RAE Gt R . A1 S RN
R4 Pandas B8 Fefifl. MLAREFIE !



i 1
Pandas fiiih

AEFEAR

o 21 HABHERIEIIR R

o FHFHdE /T Pandas 2R R T) 5

e Pandas 504X T [1F 8K

o  Excel "FEHE T 518 IR FEE S MEdE /4T
o il —AMyIF T fi# Pandas FITIRE

XA E (Pandas i 7 HT 524 | Pandas 52— NMEAZAE Python SifEis 5 24tk L H0EHE 2
PE(EFRN L) A R R U ARG AR . Pandas J&— M TR AN A, & 3CRpal
PEATHER . Dk, VEEL. EEHAEMER. RE. FESERAE. M08 Python PERIIEHERIAER
RGiHrfl, Pandas SHABHI TStk AARESAE, HLERE] . Bl AR (R IR G s as
BFE T il

AEARR SR A TR LA, Sr4d Pandas AHa] AA— <Rt Ak /NG H
KR Stripes AHANERSEE AL KATIARE IEK Pandas HERIZEF X F(ELIE Excel
A RYBAT LR, s PG = A s i B f R AR B IR P Z T X o )i, AN EREf ]
Pandas R — DS R . AT AT LN BREHIEAR IR . BIESERAT— R

TN !

1.1 21 Mg

FERAZE « FIFG « TE/RIVZ IR /NG CEPRIEHED b, AR/REERTR b RIBI 208 « HeA2)
HEUGE: “EBA R AT A2 DN ERERR. " “ARIATET, ADHIGH i SSE IS
i, MAR IS RE R Fs.”

TE/REE AR N2 ADE, XA ORISR MR E R, a4, HdErfE e
IAVAE Y7 7 TR AR BAEAT i, 2017 4F (Z5FEN) R SCERERR, “tHA L
AU ERIGEEA A, TR, BAEguEieds, e Tl BORF. SRS AR,
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TEIXMFH E SR A tH A AR FE L, WA Facebook ZIJVF Zyifl(Amazon), FEF Netflix, 5
I I ERIGEAR S AL B A iR R DT 0 . BRE MK AR e B « WRrE R,
WA “ RIFBORARSEIGIK”. WHHEERIEST, MBI BN TR, FdE X
—UIeHt 7528 75 21 A, X, AREZERFSRIEBERT B B3R ISR T
VAR

1.2 Pandas /I'43

Haab s T RMEARES R 2tk iR, 4K, JFIEN) Pandas @0k 7 Al
HARRAE BT IR T R — R, B BRI AT DA AT P (. B &
Pandas FRIVFRTUESZ T FH 7 U BB AU Excel) B2 AR . Pandas JES2 S 28N, —AN ek
FER EIBFHH R BRI AL EIX A, FTLATE GitHub(https://github.com/pandas-dev/pandas) I
&t el Pt S AVIER

Pandas 7] PLEHYIRIY Excel B FRASIAFIA AR T X Y31 Google Sheets AHIESE  7EIX =
PR, F S HEER AT B BRI T B, — 478 —2kidss, B —FIRR—1ME
Ho NG EIR R TR IR .

1-1 7R T — AN RSB IFHAoR B S04 GO 721 i VUA TSR R — MR, ATiAS
FALTARIPATEARSE . B0, TTRLERRRFEFIAT, B WS LA SR A T IBR R AT .

—

K 1-1 RSB N f

Pandas F{IJIURS 2 AAE T EAEARRE IANH] ) A7 1 2 (8P4 . Pandas JEILAIRZEIE 5 (W0 C)it
TREIH, BEMEZAD AN RO a T 8de k. R, 4 —HRBmERrm L. /£
Pandas ', FIJUATARHAE AT LR 252 iR 215

1-2 278 | M Pandas 1 P AFIHEFEa SR 10 -6 . BUAEIEA RS, 752Ut
(K, BRI N FREAT AN

In [2]: populations = pd.read_csv(“populations.csv")
populations.sort_values(by = "Population”, ascending = False)

Out[2]:
Country  Population
144 China 1433783686
2 Indka 1366417754
156 United States 320064017
76 Indonesia 2706256568
147 Pakistan 218565318
9 Brazii 211048527
[ Nigera 200063509
123 Bangladesh 163046161

K12 —/ME Pandas S ANAIHEF R SRS R 51
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Pandas RJLATCEEIACERE . SO, HIHL BHE. SRsidiEss. Al 30 2/ MR8k
R EAL NELLEEARZ TIRE

2008 4F, HAFFRE T « &Sk T Pandas fRUA, flUBTEZHZIH) AQR BE
EHRZAF(AQR Capital Management) T{E. 224 JEXT Excel MGt 4RIEES R #AWE, T2
fA A —Fh TR, AT DMRAS G g et b WREEE A, Rl im i adE . hT4
AR5, e B OFE— . 2, Python IS S RIXFEER, (HAAXMIE S ik
FIOR T 4 R e IFERE_ EHTE . MhFE Quartz(http:/mng bz/wONa) EFIR: “FKEXK Python,
e RIFEAE R ” “R0T LURAAADIEIS Python AR =B, 1 HAER A ST ”

H 2009 4 12 HIRIAARKATLARK, Pandas (PR 1HEE 26K, M 8Eh
500 73511000 /3 ' 8% 2021 4 6 H , PyPi(4EH 2 Python tU7E L7747 , https://pepy.tech/project/pandas)
WG |, Pandas CU NEGET 7.5 101K ‘B GitHub fASEIRS T 3 FBUR (—MEM M T4t
Z-E L—A “8%” ). 5 Pandas MHHIAEITE Stack Overflow LT A7 LSRR, XK
FH P G BANWT G

kK, HZATLLE Python FH M HE R R ST A KIAT) T Pandas. Python 15 5 RIHAERL
PR PRI NRAT RS20, Pandas RN A M T ERTTR. KIS — I TGS
", Python /2% WL, TIOBE fE8(HER 51845 W AETE 5 Uit1T EHEA) EAT Python 2 2018 4
FH PR KA A S 2, “anSR Python R P AR AR AFRR M KIRE, BT REAE 3~4 (R
[ P EUAR C Fl Java, BONTHS FEGRATHIgFEE S 7, TIOBE fE—Mh#iifah 5iE. 7£2%°] Pandas
HIFIES, Rt0K2%>] Python, iX#& Pandas H%— M4k,

1.2.1 Pandas SEFBEFFRIENEER

Pandas 15 Excel 25 Y FEL-300& SRR B AETT AN At b3 2 (R is & Rk
ARSI REL, @i ar S MAR s d SR T . OB TE i S5
BB 2D, BT LAGRAETE S, U S R ezl T4 o BAIFHEELLERRIGT 3
IERRR N R BRI 2, SR RIET .

FHTESREIN A%, Pandas [#12% 3] fiZE 1L Excel 3% Sheets TEBEW. {H/E, WIRARTE Python 8§,
— AT TSGR, ARG, SYRTE Excel A SUMIF f1 VLOOKUP 55540, 1k
CAAEBIET A —FEEHE T XL AR BhEZE R, S85 DLERIITe At =6
fR% . Pandas 052 AR AR, ANFZALAE T UERARIE 5 SR TIEE

HIRAE MR ANES, Pandas 2 TR R EARIRIERE ARG . BR T8 AT AR
Y Z4b, Pandas I RVIHRIEEATE ML, FTUIR'E —BABGIES AP R S & ——IX 3k
WG A A E RGN A H AR . 1B IER, Excel 5 VBA(Visual Basic for Applications)
HRE—iL, VBA e—M4ftih s, wHIMREZPITHE RS . 20, A Python L
VBA 845 F, FFHEAEIRIT LN, AT USRI %

1 Z:JL“What's the future of the pandas library?” Data School, https:/www.dataschool.io/future-of-pandas
2 £l Oliver Peckham, “TIOBE Index: Python Reaches Another All-Time High”, HPC Wire,
http://mng.bz/wOXP,
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M Excel #R{#H Python i H A4k, Jupyter Notebook #&—FF4E % 5 Pandas F5HCA# H K%
TOIREE, ATRfeE BBk, AR E ML PER RS . Jupyter Notebook FIZANEHIUIHEARL, A
BIOHA S — BT . el DRESX S ok Shndl, B, k. AR BRI
BIRGENMAE—HD. HAMNTT LAZIR TIN5 R 1 A LR WA HE5 e, TUAMNUOR
A EER,

Pandas [ —MEHAJE Python IIREHRRIEAS RS, WM ST ARIES AR, Plas
2] DT Hf ol A SR A SR K. Python BHFEARSIE AN KSR 2E, XL K1 T
HAW 2 Pandas FIM e F AR AN, OS8R Z KA A BROTIRE +E X I SCRF

BEEEIRAERINEK, BRI RR AR, fE1X771, Pandas B2 L Excel
SRR o T RE A AR I S 2 T LN A AL B BE JT I R 1) 7E R Z2H04 4L L, Pandas
A LMREF AL B B 28 AT B REE SR, JUHAE I R N A FTE G fer o PR e AT DA o
Pandas [1OIE# 22 4 JBIERIA Pandas JRRMERIA CHEPSE: “OIE, RIFIEMH Pandas 14
BTN G AR, AR AAE R EER AR/ N 5~10 .7 (http:/mng.bz/qeK6)

PR TAEIEFR AR T BT, YRIGHZIRITI B anfa] 2 SR B A KBRS ARIE 2 A RE I
2. Excel #14BRE) 7.5 CAEHRFA A, (R B BORAT SR 1 048 576 4770 it
THESHINME, 100 FATEIEATRER — MRS, (BX ALl S, 100 1740
ArRE K — A

FRUWARANEDRG Pandas MUNEUF AR AT iR T 56, TR HAL A 5 HABIAE R —ike fi
FARIBERFIAR . Excel 558 RIE ., W AEHRIRIERAaEE S, 7200 B AT P 3 2R
PR, XA RFERE LRI S CSV CAER LS 100 MEMFIHEAT
HEFP RIS, K Pandas TSR] FRAE 55 9 00A LR R A OR B BRE MEARIX EEAE5%). (HE,
LIRTEIF P& 1000 AT IEARSEA R SCAME . MIBRES DR, e, FFXF 100 41k
NAHEGZGEE, VRSERMRERRTZ? T IX47 5, 8/ Python 1 Pandas 84 5. &
B,

1.2.2 Pandas 5El=EXF

HHERIE R I #2425 K Pandas 5THIRAFEES R, DA HBRIEEN SAS TR, &M
WIT R 1 ORI E X

R 2 —FEAGIEIEREAE S, 11 Python 2&—FH T2 MNMEARGIRIIBEHIES . AL
T, SXPIFE ARG B R SIS AR o PAEER) « BiabE R AEXA—fAs
HIFRN G, Al 7 —AN4 A tidyverse FIRERRI A RIS, JFEH R PIFE SN GRS
AR TEGFo “IXECGRFRE T MOLAFLE, T HUAARFE 7 2O KT S R E T RE,
fAE Quartz(http:/mng.bz/IVOV) 1 i5tiE, “FHAERIM—MEAE, —KARIMEEERIEEAMEA R,
TAEE TR A Python. Python A FAEARA M TR 5t IF HX B ORI AT H
Bl R FHPIEEER R, (B SEEE TREFNGS, BN TR A L RE S

1 2. Andy Patrizio, “Excel: Your entry into the world of data analytics”, Computer World,
http://mng.bz/qebr.
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—ME S ATRERA S M S A IR RIIRE, (BRI TR WAESS T, IXPIRE F LA
TAEER o TRRN AR A AT R AT 7RI AT TR s

SAS 2 ESHFGE BelEradin, THRATFAEIhREIEIT TR, i TAERPORGIN T SAS
WEFCROT R, — B POV AT 28 o i BOR SRR R AL = S DL A5 TR E
ARy WRE Bk SERMSCR, AR ol R ik 2. (B4R Pandas SXAEIITTELL
AR, ZAELEEBRTTRITIE TERNGNE CRIFRAEAIT RN AR LR, XA 250
WA EHATT .

FEEHR Y Pandas BATMIRIAIZIAE, (BRI TARKIM AR, SQL #id— M. SQL(4S
TEERTE )R —F T 5 R AR A RIE S . KRR dilid AT L B R A .
FATRTCMER] SQL #ATHARBAE A, BlUAR T RHBIAZR AL IELT, (HEmThReia R
7 WRA RS R E H @N BAR ARy T A, B R BN 5. SQL AR
QIR EAHHERDIIATES MIRIUA1CRAS, MR, Pandas Se402 MR TR EE
(¥, HIDRECAESTHTE. BB, Bl eI, MR TR, IXPTRe TR 2 T
(Ko MR RE AL SQL RILHMIUGE LR, SRS 18] Pandas X HHEATHfF

KMHZ, Pandas AFEME— TR, (HERMRAEEEDE IR AT A HHER
fERJi %, It H Python LEHIREEMAE FIKOQET RS KB . EUHAEHHZ -
DIFGFTL: “Python LI REBNAZAE T3 AT EAF R git, X Rai > s
ARIDZIE TIRZAAE” (http:/mng.bz/Tj07). Pandas FF&iX—Haitk, T8 38 K MIAEHE
o TR AR R RE Y P AR T TR, SR — MR IR T 1A

1.3 Pandas ZJig

H4% Pandas IIRIFIT52ESRH T EFEWMENE. NHRLATE L LOREFH e 700 R
HIBARIE B4R Pandas 4] TAE. AAEEEFHXS Pandas FHEVAM BEDMFE SRR S, RMERESm
W

PEISEATT N, REAZL BRG], HEATEZHIEA. AN EEX] Pandas [
FHEFIDIREEAT AN, 2 VELHIIT 1 Pandas (T EAA )RS RV .

4= F3{#iH] Jupyter Notebook FF ARG HCHD. AIRIRAETETHHHL FiEE Pandas A1 Jupyter
Notebook, &SR3 A, AT LI SE https://www.github.com/paskhaver/pandas-in-action T #5TH £
EFNFEEL) Jupyter Notebook .

1.3.1 SAHERE

T SAE movies.csv SUAFFTEERT H s h 81— ANHi) Jupyter Notebook, #R/5 5 Pandas & LAV
i) FeThe:

In [1] import pandas as pd

ARD A M AECEE _L T (P78 H B3 DFRIE B TCAS AT T Jupyter Notebook JA B KT /E 51
IBATIBY, AT AR ST AT B e, I AT A IR T R — S BTk
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AR, ATLAEIEAE Jupyter SLITHE FPAAT AR HOARD Fr BORIEAT S8 . BRI, RHAT
G5 5O S ALECRBRER R .

HEAFEAE— D1 movies.csv ST, CSVGE S Ba{E) SO —MCASI T, e
TRttt 8dE, MES 0 —FE. XN T & EdRERSIFsE. T movies.csv
A= AT P

Rank, Title, Studio, Gross, Year

1,Avengers: Endgame,Buena Vista,"$2,796.30",2019
2,Avatar, Fox,"$2,789.70",2009

F—ATHIH T EAREFT) S ANFFRE: Rank. Title. Studio. Gross 1 Year. 55 4T NicdEF
SR —dok, BUEERRR VR — IR ndidi. HEZ S | A7 “Avengers: Endgame”, HL
S0 F] N “Buena Vista”, SN “$2796.30”, FFLE 2019 SERAT. N —ATEE AR,
e BRI B 750 247

Pandas FJ DL NS PSRRI SO, BRI SBAE FERITIUZ 0 — SRR S N BR 4. Pandas
FHRIRR AR T Excel RS, 2RI EBHE PSR R A 2o ZEIXFPIGHLR, FRATPRHE
H read_csv BRI#F A\ movies.csv A

In [2] pd.read_csv("movies.csv")
Oout [2]
Rank Title Studio Gross Year
0 1 Avengers: Endgame Buena Vista $2,796.30 2019
1 2 Avatar Fox $2,789.70 2009
2 3 Titanic Paramount $2,187.50 1997
3 4 Star Wars: The Force Awakens Buena Vista $2,068.20 2015
4 5 Avengers: Infinity War Buena Vista $2,048.40 2018
777 778 Yogi Bear Warner Brothers $201.60 2010
778 779 Garfield: The Movie Fox $200.80 2004
779 780 Cats & Dogs Warner Brothers $200.70 2001
780 781 The Hunt for Red October Paramount $200.50 1990
781 782 Valkyrie MGM $200.30 2008

782 rows x 5 columns

Pandas 4 CSV XHFHINE SN —4 N DataFrame (X% H, RAT LU XN SR NAHEET
P AAT  ANF RS GE AN RIS R BT 1O, FATUIANE )75 5 e 13758 B, Pandas
i DataFrame X GA7iZ FIEdEEE, I Series MG AFEHRY L. DataFrame 24T Excel
EVETIES AN

Rk b gE Rl 22 RTINS, Pandas {27~ DataFrame [RT FATAUG HAT. 0 1 15K
A IS S (- B

DataFrame i 5 %l(Rank. Title. Studio. Gross. Year)fl—AN& 5|4 %. Z5]/2& DataFrame £
I FECT, FVEEHRAT IR IRART, FATAT AT S B A DataFrame (5] . WIEREA R
B Pandas {1 ¥R —%1 %5, Pandas 24— M 0 FFEEIIEIFEZSI .

WE— 2 R 51 R e 2 2B RE T DM E A7 10 2R e S 2% . FESCH 5 %)
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1, Rank fl Title S5 /ML R, RIS EIAIEMINAT 31 5 Tide SIS, FTLIE CSV
GBI EL BT,

In [3] pd.read csv("movies.csv", index col = "Title")
Out [3]
Rank Studio Gross Year
Title

Avengers: Endgame 1 Buena Vista $2,796.30 2019
Avatar 2 Fox $2,789.70 2009
Titanic 3 Paramount $2,187.50 1997
Star Wars: The Force Awakens 4 Buena Vista $2,068.20 2015
Avengers: Infinity War 5 Buena Vista $2,048.40 2018
Yogi Bear 778 Warner Brothers $201.60 2010
Garfield: The Movie 779 Fox $200.80 2004
Cats & Dogs 780 Warner Brothers $200.70 2001
The Hunt for Red October 781 Paramount $200.50 1990
Valkyrie 782 MGM $200.30 2008

782 rows x 4 columns

TRk, ¥ DataFrame 7ECZ5— movies A8, DMEEREFHIHALM TSI HE. LE2EH -
RTINS R EE R A FR:

In [4] movies = pd.read csv("movies.csv", index col = "Title")

BRBENELZER, EAEMNEB.
1.3.2 #{F DataFrame

TATAT LA ZA KA DataFrame,  HCamm] UMATFSKEREULAT

In [5] movies.head(4)

Out [5]
Rank Studio Gross Year
Title
Avengers: Endgame 1 Buena Vista $2,796.30 2019
Avatar 2 Fox $2,789.70 2009
Titanic 3 Paramount $2,187.50 1997
Star Wars: The Force Awakens 4 Buena Vista $2,068.20 2015
CIPYSce s e i) e
In [6] movies.tail(6)
Out [6]
Rank Studio Gross Year
Title
21 Jump Street 777 Sony $201.60 2012

Yogi Bear 778 Warner Brothers $201.60 2010
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Garfield: The Movie 779 Fox $200.80 2004
Cats & Dogs 780 Warner Brothers $200.70 2001
The Hunt for Red October 781 Paramount $200.50 1990
Valkyrie 782 MGM $200.30 2008
A L@ A Ty 23K H DataFrame 15 % /017

In [7] len(movies)

Oout [7] 782

7] LAm] Pandas £ 1) DataFrame " FATECRNZIL . X AMERER 782 1771 4 F1:

In [8] movies.shape
Out [8] (782, 4)

] LA TR R A

In [9] movies.size
Out [9] 3128

LA 4 FIRIEERRM . FELUT R, intod FoRBEHD, object R AT

In [10] movies.dtypes

Out [10]

Rank inté4
Studio object
Gross object
Year int64

dtype: object
AT APy B SR e —17, FOARRIIGE. RS, BTl
0 FFahTHE. BRltl,  nSRARSEICEARAE I EE 500 FEHEEAE S, RO RGN BEA R 499:

In [11] movies.iloc[499]

Out [11] Rank 500
Studio Fox
Gross $288.30
Year 2018

Name: Maze Runner: The Death Cure, dtype: object

Pandas 7EIX LR [El—MIUAE Series FIHIAT S, X2 — A —4Ebric FEEEH, 7T LA HA RS
s, FATHE — MR 1ETER, Series IR 5I47%(Rank- Studio. Gross Fl Year)>k H movies
DataFrame 1] 4 %1|. Pandas 5% 1 BRI TE I o 77 =K.

AT UM 5| b2k in) DataFrame 17, $2fE— T, DataFrame Z5|{/ 47 7 IR,
THTEA KBTH TEAE ) 2B A R B » 1205381 28 5 | RaS A A A B S — 174

In [12] movies.loc["Forrest Gump"]

Out [12] Rank 119
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Studio Paramount
Gross $677.90
Year 1994

Name: Forrest Gump, dtype: object

o2 A S EE I #l41, DataFrame H PR IFREEE “101 Dalmatians” (1961
FERI SR 1996 S HIBIHARRAS):

In [13] movies.loc["101 Dalmatians"]

Out [13]

Rank Studio Gross Year
Title
101 Dalmatians 425 Buena Vista $320.70 1996
101 Dalmatians 708 Buena Vista $215.90 1961

& Pandas VTS, (HEUURS T RECRIFR T AR IIME—ME o ME—[ARZEE A AT LAIIER Pandas
TENTAIHERCREEAT I

CSV HfIHLEZ% Rank FH MELRH THER . WSRARE ol LW 5 SREs, T LURYE S —%1h
[FET DataFrame HHTHEF, 141 Year:

In [14] movies.sort values(by = "Year", ascending = False).head()
Out [14]

Rank Studio Gross Year
Title
Avengers: Endgame 1 Buena Vista 2796.3 2019
John Wick: Chapter 3 - Parab... 458 Lionsgate 304.7 2019
The Wandering Earth 114 China Film Corporation 699.8 2019
Toy Story 4 198 Buena Vista 519.8 2019
How to Train Your Dragon: Th... 199 Universal 519.8 2019

AT LRI Z 5 MEXS DataFrame BHTHEFF . S6t% Studio SIRMEHRY, WIRMBIEE(E, FHZ
Year FIMEXT HEZHEATHER, T LA 242 FL R 2 m) ATk H S HEP R LA R

In [15] movies.sort values(by = ["Studio", "Year"]) .head()
Out [15]

Rank Studio Gross Year
Title
The Blair Witch Project 588 Artisan $248.60 1999
101 Dalmatians 708 Buena Vista $215.90 1961
The Jungle Book 755 Buena Vista $205.80 1967
Who Framed Roger Rabbit 410 Buena Vista $329.80 1988
Dead Poets Society 636 Buena Vista $235.90 1989

WRAR SR FF B AR R, IE T LIRS AT HEFF -

In [16] movies.sort index().head()

Out [16]
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Rank Studio Gross Year
Title
10,000 B.C. 536 Warner Brothers $269.80 2008
101 Dalmatians 708 Buena Vista $215.90 1961
101 Dalmatians 425 Buena Vista $320.70 1996
2 Fast 2 Furious 632 Universal $236.40 2003
2012 93 Sony $769.70 2009

FNHBTALE, FrHATRERER B9 DataFrame %% Pandas ¥/ % E#4 1] movies DataFrame
T EHATIEN . XSRS 20, BROART DR MM e E IR, EEEEE)
g

1.3.3 itE Series FHIE

NIRRT Wl ISR Fs A m A B2 R R FREZIE 2 R T R RX AN )
B, TE AR AR HTE Studio F1HRKEL.

M DataFrame " H2EL— 5% Series. 1H{ER, Pandas 7 Series 'f#£17 T DataFrame [
g1, RIS ARE:

In [17] movies["Studio"]
Out [17] Title

Avengers: Endgame Buena Vista

Avatar Fox
Titanic Paramount
Star Wars: The Force Awakens Buena Vista
Avengers: Infinity War Buena Vista
Yogi Bear Warner Brothers

Garfield: The Movie
Cats & Dogs

Fox
Warner Brothers

The Hunt for Red October Paramount
Valkyrie MGM
Name: Studio, Length: 782, dtype: object
WA Series HIRZATHWE, Pandas 2SEMIEIRE, RE/RITIATAG AT,
5385 1 Studio F1fE sk i] LATHE AENE— (B HIR RS, K4 RBRBIZEREZ AT 10 A R

In [18] movies["Studio"].value_counts() .head(10)

Out [18] Warner Brothers 132
Buena Vista 125
Fox 117
Universal 109
Sony 86
Paramount 76
Dreamworks 27
Lionsgate 21
New Line 16
MGM 11

Name: Studio, dtype: int64
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IR [EUE AL —A Series X %t. BT, Pandas {#H Studio #1FH A T ZRRVENRBIFRE, EA1H
THBUEN Series {H.o
1.3.4 BRIE— NS FETmES

MATE I T EARE — A SR T4, Excel AULEEAL T Filter T,
LR HAB$L3 Universal Studios KATIIHERS, HURT LA Pandas W) —AT RS2 X AMESS

In [19] movies[movies["Studio"] == "Universal"]
Oout [19]

Rank Studio Gross Year
Title
Jurassic World 6 Universal $1,671.70 2015
Furious 7 8 Universal $1,516.00 2015
Jurassic World: Fallen Kingdom 13 Universal $1,309.50 2018
The Fate of the Furious 17 Universal $1,236.00 2017
Minions 19 Universal $1,159.40 2015
The Break-Up 763  Universal $205.00 2006
Everest 766  Universal $203.40 2015
Patch Adams 772  Universal $202.30 1998
Kindergarten Cop 775  Universal $202.00 1990
Straight Outta Compton 776  Universal $201.60 2015

109 rows x 4 columns

A CLRE LIRS I 2 — AR U A SR SRS P -

In [20] released by universal = (movies["Studio"] == "Universal"
movies[released by universal].head()

Out [20]

Rank Studio Gross Year
Title
Jurassic World 6 Universal $1,671.70 2015
Furious 7 8 Universal $1,516.00 2015
Jurassic World: Fallen Kingdom 13 Universal $1,309.50 2018
The Fate of the Furious 17 Universal $1,236.00 2017
Minions 19 Universal $1,159.40 2015

AT LR 2N 25415 € DataFrame 17 . A RS AT LAZREL 2015 S Universal Studios & 1T
BT H5:

In [21] released by universal = movies["Studio"] == "Universal"
released in 2015 = movies["Year"] == 2015
movies[released by universal & released in 2015]

Out [21]
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Rank Studio Gross Year
Title
Jurassic World 6 Universal $1,671.70 2015
Furious 7 8 Universal $1,516.00 2015
Minions 19 Universal $1,159.40 2015
Fifty Shades of Grey 165 Universal $571.00 2015
Pitch Perfect 2 504 Universal $287.50 2015
Ted 2 702 Universal $216.70 2015
Everest 766 Universal $203.40 2015
Straight Outta Compton 776 Universal $201.60 2015

T 97 9106 2 RN A S P N AR P OAT o 35 BT & LA R AN SRR — M R
Universal Studios 24T IFLFZEE 2015 SERATHIRIY, WSS R) DataFrame 5K,
In [22] released by universal = movies["Studio"] == "Universal"

released in 2015 = movies["Year"] == 2015
movies[released by universal | released in 2015]

Out [22]

Rank Studio Gross Year
Title
Star Wars: The Force Awakens 4 Buena Vista $2,068.20 2015
Jurassic World 6 Universal $1,671.70 2015
Furious 7 8 Universal $1,516.00 2015
Avengers: Age of Ultron 9 Buena Vista  $1,405.40 2015
Jurassic World: Fallen Kingdom 13 Universal $1,309.50 2018
The Break-Up 763 Universal $205.00 2006
Everest 766 Universal $203.40 2015
Patch Adams 772 Universal $202.30 1998
Kindergarten Cop 775 Universal $202.00 1990
Straight Outta Compton 776 Universal $201.60 2015

140 rows x 4 columns

Pandas $2{it /AN I2RITIE DataFrame. #1401, AT LK/ NFEOCTREEEIFHENE AT
FAFo NIELL 1975 FZBTRAT IS NTIE AT

In [23] before 1975 = movies["Year"] < 1975
movies [before 1975]

Out [23]

Rank Studio Gross Year
Title
The Exorcist 252 Warner Brothers $441.30 1973
Gone with the Wind 288 MGM $402.40 1939
Bambi 540 RKO $267.40 1942
The Godfather 604 Paramount $245.10 1972
101 Dalmatians 708 Buena Vista $215.90 1961
The Jungle Book 755 Buena Vista $205.80 1967

R — M, PrAELATEIZIEEZ M. BN, §iiik 1983—1986 fFRATHIHIE:
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In [24] mid 80s = movies["Year"].between (1983, 1986)
movies[mid 80s]

Out [24]

Rank Studio Gross Year
Title
Return of the Jedi 222 Fox $475.10 1983
Back to the Future 311 Universal $381.10 1985
Top Gun 357 Paramount $356.80 1986
Indiana Jones and the Temple of Doom 403 Paramount $333.10 1984
Crocodile Dundee 413 Paramount $328.20 1986
Beverly Hills Cop 432 Paramount $316.40 1984
Rocky IV 467 MGM $300.50 1985
Rambo: First Blood Part II 469 TriStar $300.40 1985
Ghostbusters 485 Columbia $295.20 1984
Out of Africa 662 Universal $227.50 1985

] DataFrame 251K IE(T. B0, Jel RGNS RS TRV NG 71,
FF AR A “dark” — IR LR

In [25] has dark in title = movies.index.str.lower().str.contains("dark")
movies[has_dark in title]

Out [25]

Rank Studio Gross Year
Title
Transformers: Dark of the Moon 23 Paramount $1,123.80 2011
The Dark Knight Rises 27 Warner Brothers $1,084.90 2012
The Dark Knight 39 Warner Brothers $1,004.90 2008
Thor: The Dark World 132 Buena Vista $644.60 2013
Star Trek Into Darkness 232 Paramount $467.40 2013
Fifty Shades Darker 309 Universal $381.50 2017
Dark Shadows 600 Warner Brothers $245.50 2012
Dark Phoenix 603 Fox $245.10 2019

VERL, i “dark” HHBLEERRETROMMGIE, Pandas # 4 A E,
1.3.5 XEUESH

AT ZE SRS R R AR, AL AR AR Gross FIHME.

T, Gross FURMEAH# N AT AZET . Pandas #FIRIEMEACA SN, PLREEL CSV
ST S ANE 5455 . T CLRSRME ROyt (EATFRMIBR ST S A 515 5. 6
o, KEHBUIETE “$” M« BHONESOR, MARAERALT Excel I EFRANE He:

In [26] movies["Gross"].str.replace(
"$", "", regex = False
) .str.replace(",", "", regex = False)

Out [26] Title
Avengers: Endgame 2796.30
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ST SANE S5 BN SIAG, ATLLKE Gross FIIME I SCARHNT mAL:

In [27] (
movies ["Gross"]
.str.replace ("$",
.str.replace(",",
.astype (float)

Out [27] Title
Avengers: Endgame
Avatar

Titanic

" regex
" regex

Star Wars: The Force Awakens

Avengers: Infinity War

Yogi Bear
Garfield: The Movie
Cats & Dogs

The Hunt for Red October

Valkyrie
Name: Gross, Length

IR, IXLEERAER

: 782, dtype:

= False)
= False)

2796.
2789.
2187.
2068.
2048.

float64

SN O Jd W

W U o o .

fl Y, NEEHURLE Gross iXA4™ Series X% . ZERTIHHITE 7~ ]F, Pandas

i TR EHRA A IRIA, STRIASATERE, FRRIEASE SR B, RN
75 WA 5 movies T Gross 41, IXFHHUZ K ATER:

In [28] movies["Gross"] = (
movies["Gross"
.str.replace("s$", "'
.str.replace(",", "'
.astype (float)

)

', regex =
', regex =

False)
False)

BRI E L KT AR RO 7O, Bt SR SO

In [29] movies["Gross"].mean ()

Out [29] 439.0308184143222

| BB el TSR FRE

NE) RSN - B SEE
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WWRAT)Y R, RN 4. B, HREE Studio SIFMEXS DataFrame FO4T2E47 704
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In [30] studios = movies.groupby ("Studio")
TR R A F] I RS R

In [31] studios["Gross"].count () .head()

Out [31] Studio

Artisan 1
Buena Vista 125
CL 1
China Film Corporation 1
Columbia 5

Name: Gross, dtype: int64

¥ 2 BT 25 AL RS A B AR BRI PHE T, AT DA FE S AR B 2 B R 5
Series HHATHEF:

In [32] studios["Gross"].count () .sort values(ascending = False) .head()

Out [32] Studio

Warner Brothers 132
Buena Vista 125
Fox 117
Universal 109
Sony 86

Name: Gross, dtype: int64

B IR, A A 1 Gross FI¥I{E. Pandas KRR AR R 7, FHiTH
EAIRESE

In [33] studios["Gross"].sum() .head()

Out [33] Studio

Artisan 248.6
Buena Vista 73585.0
CL 228.1
China Film Corporation 699.8
Columbia 1276.6

Name: Gross, dtype: float64

[FIRE, AT LA R A R AR 2 R THIT . R SR e R AR, ARBET AT
Series [HIHATHIT . AT 5 AN A

In [34] studios["Gross"].sum().sort values(ascending = False) .head()

Out [34] Studio

Buena Vista 73585.0
Warner Brothers 58643.8
Fox 50420.8
Universal 44302.3
Sony 32822.5

Name: Gross, dtype: float64



$1E Pandastifid 17

R UATARS,  FATk a7 DLAIX AN S R 5 2 45 th — S G B g . 911, Warner
Brothers FEEZ/ARIZESI R FIHELLL Buena Vista %, {H Buena Vista FIATE HELALEZS H &
X —FHERH, Buena Vista Hi i HLR IS5 =T Warner Brothers.

A # W%} Pandas il T WA, SEbr b, Pandas AT LGRS AIALEE, AP fm G2 10K
EEAH TS A A A ARRY, N —FREER ST Pandas [UAZ O EEEL:  Series T4

| W N

e Pandas /& —METF Python 4nfiis & HIEIE D HTE.

o Pandas 8K FH AT IEVEN K SR SE BT 5 2R R

e Pandas [5c S5 FAIEE T RGN HIET Excel. FIT4MFEES R 1 SAS AFEME.

o URFETRERIHRE S H Excel RS T B IBREAIH

e Pandas T LLFAZFCAEE, B4 CSV. CSV 2 —FmATHSCH %, BT 2R
17, HESHREyIHE.

e DataFrame #& Pandas [T BEHIRLSEM, ©5Lbr L R2—MIEZHEEER.

o Series & —4EFRicEd, DR ERE R AT —AIREdER.

o T LLEITAT SR FIFRZT 1 Series 5% DataFrame H 51T

o 1 LLEIS —FEZ A [F{EXT DataFrame #HTHEF o

o T LUMI B 44 M DataFrame HREVEHE 4.

o 1 LURIEHIIMEXT DataFrame 1T T3040, 1G] LA 2H 45 R BUT IR GHRAE,  BIURAN,



