PN

1

& B gy T il 2k

BN R e RBERYNZRAG 25 1 48 B R B9 SCAS i =7 > B0 F — 4> token B9 75 3X
Hesf I IR . TSR B R URE 1 e 2R By Be . 3% 40 R R 2 IR mT fiE 22 B
P 1 1 B o SO, LB 2 2T A RN B 40 Llama3 @9 BN EEH 2 17 15T 4 token. %k
Wk Z 1 token, FH AU R AR W KA AR DA 2 5] Al UGHTRE

5.1 FilZ&u{ER

TRIEARTALR T 52 R RY 1 38 T RE ) 23 7 & Bl 2 FF 19 SO AT B 2, 52 vd R R Y
ARG RETT o A0 RARDRE A R 5] AR A B AT Ml B A 4518, 50 o 78 T IR S0 2 AR B 1Y
LAl [ 4k 2247 WU 25 (Post Pre-train) , PAIE R 1L B 5 ) 8 U8

AL RABE Y AR — S0\ R0 1) [P) R B 5 0 R, AT T G2 e AN Al A Rl 2
2 3 S G5B PR B B BRI, A NSO e WU 2, TR S S S e ] AE Y
P H 52 BRSO A ANGS

Ry I 5 b 7 20 25 — > 58 B 2 ¥ 51 A5 B Scala £GAS A9 R B AL, i Bk T Bk
GitHub W8 K& i B R 409 Scala A5, A7 BN SR, 1L RBIAL 2% 2] DB IR FI Scala 18
S Z Rl K &R

SEH AR I SR OB AL A o] IR 09 BRSO H R etk R R kO L 1R
) R T A S KRR TR,

5.2 Tl &R

BN R — A IBERY AT o B ) I 2R B0 2 v e B 25 B 0 TR R 75 2 114 73
W ZRBE J2 R B A 45 8 A6 59 SCAR M B . e B R B IOUI R B B E A E LT
FRAE

(1) Z2HEME . Bd IR o 2% b 32 RBURI T 35 XA o LU DR A58 2R 7 O [ 1) 37 5t v BAT R
MRz ALRE ST . K ALAE AR EE BT I SR VR SO AR SIS T IR IE S A L R R B
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b Ao 7 I 2 A RO B A A SO

(2) RABL. I 25 B0 40 42 1 A2 0% K, DA B R R 48 2 ) 3] 3 ) 10 o & B U L
T H BN R A ) P e R AT

(3) e Jou et o BSCHE L 8 ok ™ A% 1% 7 35 R O, R D R R A R AR B . T 1 8K
Y it T35 IR IR0 = 3] B v A A S A A

(4) IFRICPE - B0 AL 2 BB 19 15 8 RS 14 o LA 58 A5 80 R A% JHR fige 0 2 Bl 24 i 5T 1 7
A,

(5) SEAMPE . KOs B R 7E A () 28 90 L 375 R0 U 5 22 ) o 5 S A g A A R 7 2 i AL L
FE 0 RO L SCAR sk S O T Y -

(6) ik PEFIAG R - KA 0 WO A R P o7 408 AR DG 12 i vk T R A8 UL o ) i DR A5 B
KA R P R

o JOT P I RO W B R M T8 BEAE SR R B N ) (R R X B B T R R (AR . H
A R RO A RE VI S R R A

HuggingFace Datasets FE32 AL T (£ 19 5088 520 b BRI 22 2 D g . e 0l 2 X T Ul 5
OB T T B KRR B % 15 45 T H A5 S5 19 Apache Arrow SCHE, W] DLSE SR & il 52
B A 52 WAF RN BRI . Rl Datasets Ml HuggingFace Hub f 1 3 BE £ W, J5 8 ]
FUT SR R

W2 Z 1A 42 % Datasets i W24 An 2 WF

pip install datasets

Datasets FEH& At T 2 854 i 28 19 7 2% B 7 S i I 48 7 202 AL HuggingFace Hub 2k
B . 5. AT IFEM T https://huggingface. co/datasets -8 & 1 A9 £ . 3 H 0T LA
o BCHE HE AT TYE L 41 A XF T cornell-movie-review-data/rotten_tomatoes ¥ #& £, W& 5-1
fr s o

B id Datasets £ load_dataset & )\ Hub MI#EIE LW .

from datasets import load dataset

dataset = load dataset("cornell-movie-review-data/rotten tomatoes",
split="train")

print(dataset)

.

Dataset ({
features: [ 'text', 'label'],
num _rows: 8530

1)

Dataset % ¢ B 40048 52 i S0 AL A L 4580 T DR AN R RY 268 . Al LIZ AT B R 51 ok 5 17]
bA& I S E 2 S N AW R 1
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# Models Datasets W Spaces @ Posts ! Docs & Solutions  Pricing = Login

| Hugging Face

® Datasets: @ cornell-movie-review-data  xrotten_tomatoes © @ like
TextClassification ~ Modalities: @ Text f ts. & parquet ks sentiment-classification @ English 10K - 100K # Datasets @l pandas @ Croissant
& unknown
# Datasetcard = Viewer I Files and versions Community @
. ownloads last month
@ Datasit Viswes Auto-convert Juet < API W Embed 1 ViewinDatasetViewer Downloads last month 6,401

ot
- v GO - oo

N i PaperswithCode

label
class label
—— cs.comelledy  andiv.org
the Tock is destined to be the 21st century's new * conan * and that he's going to make a splash
even greater than arnold schwarzenegger , jean-claud van damme or steven segal . 881kB
the gorgeously elaborate continuation of “ the lord of the rings * trilogy is so huge that a P
column of words cannot adequately describe co-writer/director petex jackson's expanded vision o.. 881k8 10,662
effective but too-tepid biopic 1
if you sonetines like to go to the movies to have fun , wasabi is a good place to start . 1 .
e = i i B 3 # Models trained or fine-tuned on cornell-movie-..
emexges as something rare , an issue movie that's 3o honest and keenly observed that it doesn't
feel like one
® sileod/deberta-v3-small-tasksource-nli
the film provides some great insight into the neurotic mindset of all comics -- even those who i
have reached the absolute top of the game
offers that rare combination of entertainment and education 1 < ® sileod/deberta-v3-large-tasksource-nli
1 2 3 ... 86 Next> = i X
@ sileod/deberta-v3-base-tasksource-nli
Dataset Card for "rotten_tomatoes" r ficat
tasksource/deberta-base-long-nli
Dataset Summary e /! 2
Movie Review Dataset. This is a dataset of containing 5,331 positive and 5,331 negative sentences from Rotten Tomatoes

[ 5-1 rotten_tomatoes ¥ ¥E 4E

print (dataset[0])

BT .

{'"text': 'the rock is destined to be the 21st century\'s new " conan " and that he\
's going to make a splash even greater than arnold schwarzenegger , jean-claud van
damme or steven segal .', 'label': 1}

i o — > T MR R R REAS [N T DLE A B0 R i O Aok Vs ) — 2 8 AR A T

print(dataset[-5:])

BT

{"text': [ 'any enjoyment will be hinge from a personal threshold of watching sad
but endearing characters do extremely unconventional things .', "if legendary
shlockmeister ed wood had ever made a movie about a vampire , it probably would
look a lot like this alarming production , adapted from anne rice's novel the
vampire chronicles .", "hardly a nuanced portrait of a young woman's breakdown ,
the film nevertheless works up a few scares .", ' interminably bleak , to say
nothing of boring .', 'things really get weird , though not particularly scary :
the movie is all portent and no content .'], 'label': [0, 0, 0, 0, 0]}
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Xt F XA K 4R L AR AE A texe 1 BEAT BB BN 2k il A S0 label 511 AT LA
i 5 4 R AR AT

print (dataset["text"])

i o — DR H A

[ 'the rock is destined to be the 21st century\'s new " conan " and that he\'s going
to make a splash even greater than arnold schwarzenegger , jean-claud van damme or
steven segal .',

'the gorgeously elaborate continuation of " the lord of the rings " trilogy is so
huge that a column of words cannot adequately describe co-writer/director peter
jackson\'s expanded vision of j . r . r . tolkien\'s middle-earth .',

'effective but too-tepid biopic',

oog

'things really get weird , though not particularly scary : the movie is all

portent and no content .']

AT DI A 245 A7 R8I SR (o] — B E RS DU ER (B S D 1 A RO U5 R BN L
et EATHY index, S5 R E 9 44 AT

print(dataset[O]["text"])

B .

"the rock is destined to be the 21st century\'s new " conan " and that he\'s going
to make a splash even greater than arnold schwarzenegger , jean-claud van damme or

steven segal .

EEZHEOT T8 NA N2 [ 2 A5 . Datasets Bt $243E 7 A0 W A8 572 £ L 1 4n
T txt SCHF B E B AR IR .

from datasets import load dataset
dataset = load dataset ("text", data_files=r"D:\newsl.txtW
print(dataset)

Datasets 24T M#K txt SO AOECHE . BRI G440 text . A B A H AT .

DatasetDict ({
train: Dataset ({
features: ['text'],
num rows: 13
})
})

WA Z A4 300 W AT LLSS data_files 808 A2 A SO H1 R RIS A0F .
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from datasets import load dataset

dataset = load dataset("text", data_files=[r"D:\newsl.txt",r"D:\news2.txt",r"
D:\news3.txt"])

print (dataset)

num_rows J&FT A CHRIATEZ M, M T .

DatasetDict ({
train: Dataset ({
features: ['text'],
num rows: 50
b
1)

TEYINZR KRR 75 —Ff 5 A SO 2OZ JSON Kt o il x40 s =X Ko dls -

{"id": 1, "query": "PRFEFEER 3 MR, v, "answer”: "DIT EAFREEN 3 4R \n\
nl. REFEIRIEZ), B RMOE LM AE 3, Wb | #20 SOiz ik, RE 02 #E O M 8 g5, SR LA )
i I A TR R E . \n\n2. MRS, RS M5 S KCR S8 YRR & =K E
P BT 40 sl e v A o IR U TN T DAAR IS A R A IR . \n\n3. BEIRFEE . HEHRXT A
fe FE B O HE, AR NG R B ORIE 7~ 8 /NET O REAR . B 47 09 BE IR AT B T2 R 0 4 i B Rk &2
I VR REAZ Ty oy

{"id": 2, "query": "—JH@JEfA? ", "answer": "R EAE WIS MR A KO MIE A
(RGB) . BT &M iR & A @R 3 Mm@, 76 LUk 6 Il 19 /s B4 (s
WOTENLE s TV AR B R B, ZREaRE =S REaR, Hphaafsg @]
DR G4 e aLaMiE @ DR S A MM, e g an RS ERE 6, Hafa. g6
I €042 A0 45 B TR & B T DA AR L EEK . \n\n BB A1, A B R A2 I e, = d A 2 DB
L Ry FERH Y 21 BRI S (RYB) . 32X 3 FREI6E FH DU o ek (R & R BOR AN AR . A, S JEA
) B AR e SCIT AN I — S [ 1 2368 3R e T g 2ok A IR 9 = J €, v )

XF JSON BB i B A ARSI T

from datasets import load dataset
dataset = load dataset("json", data_files=r"D:\gpt4.jsoan
print(dataset)

Datasets JFE2x A 3 B JSON & 2198 . 4L JSON BLI key 1 N5 44 . 77 i 0f — 2
EHOBAE R A

DatasetDict ({
train: Dataset ({
features: ['id’, 'query’, 'answer'],
num rows: 48647
1)
})

n] LU B; 2 A4 SCE A — A e 2 L SR A #F load_dataset () B data_files 28035 #e i
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data_dir Z 80k — U 32 OO BT A 9 SCPF ARSI TR

Datasets JB 132 55 F) FIAS [7] 45 44 1) P9 A7 8086 K A £ Dataset, M —A>5F B AU XT 52 0k
A3 Dataset, fCHSUITF ;

T .

MR GBI — 4> Dataset X4 AU AF -

BB .

M—A~ Python A4 B8 K A #E— 4~ Dataset X 42, U3 41F .

HB A .
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num rows: 3

1)

BT LibEE A # Dataset B9 32, 7T UL 8 b 6] B — 4~ Dataset X} 4., [[ A,
Datasets JE AR ME T 2 & A X B R 47 40 BRI J5 32
(1) sort AJ P +ig HA U 728 U 5 5 X 4 A B P SE A7 HE 7 RIS Q0 T .

sorted dataset = dataset.sort("numerical column")

(2) shuffle T 4T HLEHE G907 ACRS U T .

shuffled dataset = sorted dataset.shuffle(seed=123)

(3) select I FEFEHEAE index A ARG .

small dataset = dataset.select ([0, 10, 20, 30, 40, 50])

(4) filter JF X &g A7 98 91 40T 120 59 ACRS P 38 Anfif i 9 1Y cext BULL Abe JIF
kA AU AT

start with Abc = dataset.filter (lambda example: example[ "text"].startswith ("
Abc"))

(5) split JH T %o B S 4% VI Zk 52 A0 3 4 A7 4] o0 AR 2

dataset.train test split(test size=0.1)

Ko AR R0 0I5 3 (8] 8 25 2R g — A i, ALY train B test BY Dataset, 45 R 4175 .

{'train': Dataset(schema: {'text': 'string',6 'idx': 'int32'}, num rows: 3301),
'test': Dataset(schema: {'text': 'string',6 'idx': 'int32'}, num rows: 367) }

(6) shard F FXF—A KA IEE T 0B, 18 13 #8 F num_shards SR80 & B 5038 4~
Z /Yl AL index ZEORTE 8 2R 8] B Fcd oy He L AR A0

from datasets import load dataset

dataset = load dataset ("imdb", split="train")
print(dataset)

sub dataset = dataset.shard(num shards=4, index=0)
print (sub_dataset)

BT .

Dataset ({
features: ['text‘, 'label'],
num_rows: 25000

3]
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(7) map: AT LI map O J7 0 58 1 — 26 552 A% B9 X KOs A 48 41 .l AR A — A x4
ANFEARBEATAL B T7 ¥ o X B D7 3R AT DU AN R A s X — A ORE AR B 4R A L AR

HBanT .

Wi H batched $5 & A True, AT RUX— B BEAT 8 4F  9F HR [0 A9 17 80K 06 55 T i
A BIAT R DR T DL S L R AT o 2 5l S R AR A B 48 A0 o 1) A X 1) SCAR R AT 00 0 4 AR
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text =[]

for e in example["text"]:
text.append ("HE F X AYE A YETE \n" + e)
text.append ("FPE T X AJTE L \n" + e)

return {"text": text}

dataset = dataset.map(add prompt, batched=True)
print(dataset)
print(dataset["text"])

B aTr .

Dataset ({
features: [ 'text'],
num rows: 3
})
Dataset ({
features: ['text'],
num_rows: 6
})
(B N X ) 3E e il \n SR, B R X A iE kR \n SRR 0, BN X ) i S 0
W \n G, "HETHXAENEE \nEF ", "BHETHXAENEE \n FE, "HETR
X AJTE AR \n ]

Dataset Xt 7] LIAI PyTorch H %) Datal.oader & H LW T .

dataset.set_format(type="torch",columns=["text"])
data loader = DataLoader (dataset, batch size=2)
for batch data in data loader:

print (batch data)

BMHWT.

{vtext': ['BAVE F IS H3EE \n EH, B T AEE S \n ER )
{rtext': ["BAIF THXMIEREE  \n BT, "BFTAXDEREE \n BT D)
{rtext': [ "B T X A% H3EE \n FE ", "BIF T X @G WEE:\n FE )

A 3R 5E B BRI LA B R AT DR A AN 2, s AR A T
dataset.save to disk("path/of/my/dataset/directory")

from datasets import load from disk
reloaded dataset = load from disk("path/of/my/dataset/directory")

A AT D A B B B LA CSV 803 JSON R G R S i .

dataset.to csv("path/of/my/dataset.csv")
dataset.to json("path/of/my/dataset.json")
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HuggingFace [ Dataset JFERH T Arrow 1E N AR MR AF R G0, © Fo 8 X g 35 1 1 B0 s
188 3 KEE U0 A A I S 1) O R A bR T A R 5 o R T T A AR A O BN LS AT L
i FH R B8040 4 A7 AR RN 2

75 —ik Dataset SR 2 B N AR T A HOR B S G AF ZHT T 801 80 Ak
P ) K A L P LA 25 PR 7 ) 3 SE KA I 2 DGR AF B I A, O T T T A3 R R
R UCAE 21, O HLX A G A7 2 42 R Y BRI S A 24 i Python #E 72 , 5558 78 — > #7 B9 Python
HERR B 22 17 1] X SE KA L S A 2 A AL

Dataset HYZ A7 52 Q0] 1 T8 X 28 G2 A7 (9 B0 #R 0 HT 1 BB Se B AR g 7 J DR AF A — A
R, XAFEEU R 13X GEAF 1Y GRS e W) 1Y 18 SO o S A 1 B 0 i A R 5
[, RHL Dataset 50N .

from datasets import Dataset

datasetl = Dataset.from dict({"a": [0, 1, 2]})

dataset2 = datasetl.map(lambda x: {"a": x["a"] + 1})
print(datasetl. fingerprint, dataset2. fingerprint)

PATERIT

d19493523d95e2dc 5b86abacd4b42434

J5 £ 1 G AT 48 B 3 Z T 198 SO E 25 X B i R A R . S X B YRR
PRI A B3 T BRAE Y 5 B AL AR S0 AR QRIE T — D2 AF 1Y 38 800 B — A 1 1 B4
RS AT

from datasets.fingerprint import Hasher

my func = lambda example: {"length": len (example[ "text"]) }
print (Hasher.hash(my func))

PATERANE

'3d35e2b3e94c81d6’

5.3 Fill&r A%

AT BRI A 2R, HuggingFace BLEIL T Trainer 28, &A1& T 58 25 A I 25 A F45
ARSI, FF RN B A AU S i b B R e, (5 an A5 AY | Tokenizer  BUHE 5 VP Al
NGRS S, BRI TAEE S H Trainer 256 . X iEFF & A B a] DL H FF iR
YL, AN 05 5 5 1 22 5 IR Se Y1 25 L PE Al BT OR A7 S A0RS . Rl B Trainer W0 )2 F % 206G 14,
AT DUAR A A N Dy oK 258 1l

Trainer BALE 1 — 45 M U1 Gk i B2 BT e 1) A AR e

(D AT — 2 35 loss,
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7N

(2) 3V loss B backward O BB L,

(3) ARl Aeh B8 T B S AL

(1) B FIRPIR, 1358 s E 1R

Trainer JEXF FR M FEAEAT T A4 A I 485 YR B 42 5 X A U 2R A6 26, T & N B

HUt i (AR R R 30 SR I SR ZE R X ST LA T

W] LAl 3 — 4> TrainingArguments % 22 348 72 U1l 2k I 10 88 2850, 1 40 7T LU 5 output

dir S48 R AR PR AT 7E P L L ACAS 4R

from transformers import TrainingArguments

training args = TrainingArguments (
output dir="your-model-path",
learning rate=2e-5,
per device train batch size=l,
per device eval batch size=2,
num_train epochs=2,
weight decay=0.01,
eval strategy="epoch",
save strategy="epoch",
load best model at end=True,

)

SRIGHE training args A BUHE — A% 156 25 Trainer X 4., R B8 7] LL 45 Trainer f

AL AR HUE HE 47 4b B Data Collator, 38 A7 75 Il 5 i 72 v M 45 19 48 bn 10 55, S8 5 90
trainer X G trainO J5 kgt il ABEATUIZR 1 AU AN

from transformers import Trainer

trainer = Trainer (
model=model,
args=training args,
traingdataset:dataset["train"],
eval_dataset=dataset["test"],
tokenizer=tokenizer,
data collator=data collator,

compute metrics=compute metrics,

trainer.train()

Trainer ¥ R IE ki 2 H 2 7F 1 i TrainingArguments B 48 % 19 output_dir §§45 1%

RIS Checkpoints, Checkpoints #8514 4 7E 25 Bl checkpoint-000 X #f 4y 44 B 31 I

M.

Ja B R R IR 1Y) step, 3 Checkpoints AJ DL i Hu 4k &2 v I8 1 111 25, 48 65

Wmr.
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#MEIT MY checkpoint Yk & VIl 25

trainer.train(resume from checkpoint=True)

#M I8 E 1 checkpoint P& & Il %k

trainer.train(resume from checkpoint="your-model/checkpoint-1000")

Trainer 28 [F] B 15 3 5 2 Hl AL Y25 . Trainer MR 2 J7 2 32 R385 7 28 5 k) o ok
SEIF RN GRS E R TR . T DI A e .

(1) get_train_dataloaderO) : B8] — 2k Dataloader,

(2) get_eval_dataloader() ; f|##—PEA5 ) Dataloader,

(3) get_test_dataloader() ; Al — MK A Dataloader,

(1) logO: sk HE,

(5) create_optimizer_and_scheduler() : €8 — /M1 #8 Al —~ 2 ) TR 2% .

(6) create_optimizer() ; BJEE— AL AS .

(7) create_schedulerO); Gl —/~2% > TR 45,

(8) compute_loss() : M —> batch MU ZEHE KT loss,

(9) training_step(O) : Xf—~> batch B HE AT — R IIZE,

(10) prediction_stepO) : $AT T A A9 — 25 .

(11) evaluateO) : PPARBLAL I 3R 8] PEAR B FE PR 1E .

(12) predictO : FEMHAAE FHEAT 000, 40 2R 4241 1 label, W2 47 PEAG FE A5 B 1155

g B E X compute_lossO) HEREE — P E loss ARSI .

from torch import nn

from transformers import Trainer

class CustomTrainer (Trainer) :
def compute loss(self, model, inputs, return outputs=False):

labels = inputs.pop("labels")

#H 17 1% 7%

outputs = model (* * inputs)

logits = outputs.get("logits")

#H E X loss, AR label A AR AYALE

loss fct = nn.CrossEntropyLoss (weight=torch. tensor (L1.0, 2.0, 3.0],
device=model.device))

loss = loss_fct(logits.view (-1, self.model.config.num labels), labels.
view(-1))

return (loss, outputs) if return outputs else loss

%f Trainer B % — Ff & #l4k J7 2 @ 5T Callbacks SZ ¥, Callbacks A 2ol 28 Il 25 i3
L EE SR A U2t B2 RS SRS B P IR ZS P T R e 454 L 9] Gn B8 A58 1k N 2k L sl e
— B fE B FEUNZE 10 25 05 45 1k U 2k 1% 100 08 pR AR S 8t AR 4 F
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from transformers import TrainerCallback

class EarlyStoppingCallback(TrainerCallback) :
def init (self, num steps=10):
self.num steps = num steps

def on step end(self, args, state, control, **kwargs):
if state.global step >= self.num steps:
return {"should training stop": True}
else:
return {}

SR 5 FE XA 9] 3 B A% 45 Trainer [ callback S50 A3 ANF .
from transformers import Trainer

trainer = Trainer (
model=model,
args=training args,
train_dataset=dataset["train"],
eval_dataset=dataset["test"],
tokenizer=tokenizer,
data collator=data collator,
compute metrics=compute metrics,
callback=[EarlyStoppingCallback() ],

Trainer A LAl Accelerate EAR 4 #F 47 L & . FF & N R T5 ZAE S0 RS , A5 8 o
Accelerate 1Y config iy 4 e B 40 7 SUHE QL RN 280, R J5 8 i Accelerate [ launch iy 4 2%
BTN R BA g o] L4 A X 2538 5 Trainer SCELAYRRS

5.4 FuillZ Llama3. 1

T3 B4 LB 4 Llama3. 14600y ], A W KCHE v 6 08 780 090 2 f 4 3o 2
5.4.1 EmilgEiCng

FEATS ARG 52 2 Z W A5 SR AR AL 3 | 0 AF AR AL o0 A I 2R 55 % T — A A AL il
S S R A TR/ 1
//Chapter5/clm pt simple.py

from transformers import AutoModelForCausalLM, AutoTokenizer
import torch

model path = r'Your-Model-Path\Meta-Llama-3.1-8B-Instruct'’
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tokenizer = AutoTokenizer.from pretrained(model path, use fast=False)
model = AutoModelForCausallLM.from pretrained(model path) .to("cuda")

optimizer = torch.optim.AdamW (model.parameters())

text = "SRRKTANE."
input = tokenizer(text, return tensors="pt", add special tokens=True)
input = {k: v.to("cuda") for k, v in input.items() }

#X E labels Ml inputs,ffiEf]—5
input["labels"] = input["input ids"].clone()

output = model (* * input)

R ALY 1oss
loss = output.loss
loss.backward/()
optimizer.step()

optimizer.zero grad()

PR AF AT

model.save pretrained("output dir")

T RL & B, M HuggingFace J2 2 52 B0 AR A i F5 1 2 J2 AR ff B9 . I i A SCA
FECASRRAMNG . BAERIX AR AT 4318 . P oy AT B 5 A BB AR 45 AT 31 19 token
W J5 32189 token, BT LA # labels, fiff K% T inputs, S8 J5 16 ABEAY, 3 FF 5t AT DL A4S 31 48 2%
B N 025 BRI S — A8l /SR —FE T

PR oh — M AE DI /BB I 451 2% ok B 2 H O s SCRY L I8 4 Llama #5881 P F8 2 i Aer 11
B RAIE? A FHEG LA, B labels A28 —100, 28 H logits B fRJE —14>
token, #R J5 #4738 XA 121158 . HuggingFace 1 Llama #8589 (933 2 BRBORAS AT .

//transformers/models/llama/modeling llama.py

if labels is not None:
#Shift so that tokens < n predict n
shift logits = logits[ cooy 2=, :] .contiguous()
shift labels = labels[ 600p 1:] .contiguous|()
#Flatten the tokens
loss fct = CrossEntropyLoss ()
shift logits = shift logits.view(-1, self.config.vocab size)
shift labels = shift labels.view(-1)
#Enable model parallelism
shift labels = shift labels.to(shift logits.device)
loss = loss_fct(shift logits, shift labels)
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5.4.2 BIsiETE
5 T U R B 1 S T ) R R S T A L T R R B 18 e
A I 0 Ak S W 91 S B0 4 BB

JEETATIE 11 A 10 HE R, HBEKSCHE 2024WTA AF LR SR FEE K 1-2 AE R ERETE A
PFETEZE . A B R AR SCAR TR R IR 0%, N IR ik A R LIRS &= T W iE &
B4 L, BI04 B R R TE AR AR LD S U R IR IEE TR —BE A

<meta http-equiv=Content-Type content="text/html; charset=utf-8">

3% [ 5 55 MBI H TS0 35 JT A2 35 T0 Y 8 BT R L 78 L AT — 25 HH D A2 B A i 194 2l S I BB 3R
UNGIES 2 4:00 L RER 1Y S-Sy I SN ES W of Ak (ol i sl s 0

H £ IR A (3 S FE R & 70 5 — I 2000 FILL EDORETT ., #MEEDUKTIIBEE 2FHD
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NEW YORK - In 2006, the hulking office building at 135 W. 50th St. in midtown
Manhattan sold for $ 332 million. Tenants occupied nearly every floor; offices
were in demand; real estate was booming.
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GUIA RS . 53 A0 HAR N b SCRTE B R RL (H 2 R AR pO s IR A T il 5 i gids .
Joid PRI Y B AU AR

//Chapter5/data clean.py
from datasets import Dataset, load dataset

dataset = load dataset (" text", data_files="../data/raw_news.txt", split =
"train")
print (dataset)

def length filter(x):
if len(x[ 'text']) < 20:
return False
return True

dataset = dataset.filter(length filter)
print(dataset)
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I 5 s S PR R T SO B TR X L B A — 4 langdetect FERIEATSCARE F RG], W
B WA 2% langdetect, U 2245 A A I T .
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if detect (x["text"]) == "zh-cn":
return True

else:
return False

dataset = dataset.filter(lang filter)
print(dataset)

BT .

Dataset ({
features: [ 'text'],
num rows: 4

1)

F 20T BRSO BEAT 5 L T OB R A BN 2L AURS AR

dataset.to parquet ("../data/clean data.parquet")

RATE AT .

dbmemfal 11 F 10 H ¥ B AR SCIE 2024WTA 4E A Bk E R T 12 A S % REETE DR
RIFEEE, R M BB IRE R SCAR TR Z i R B8 N R E A R BT B SR B & N s &
BALG i, B 441 R R R BRI L AR CCE 2 R e TR IEAE TR A — B A
FE i 55 BB H T2 35 AL IE Y S LB L 78 LR AT HE— 25 D A i 41l ) ol 57 I BUB0R
AN]R8 5 [ B A fioh 2% T 450 % 9 R A B — R g LR =2 G i T,

NS — KRR R IEAR S 4 Lo o R4 el ” N PR, dbmimtm] 8 H 1 HRR . BRRBREZLER
BRL WL 1/8 PRBE L ANAYS 4-0 R P B RE 5k T T L, R 5 4% L LN B

RGN 8 A 1 HH (& H7) “ TN R G A R S = S T A B, 5 BR A B e i O 2P
. S ABEE H s & S AT sk i T AN A S L T B PR B RS S,
4% 56 T2 T B 1 J0 2 AR S A 31 2 EL Ry 6 0 B e

5.4.3 HuRdEs

T Ve BB 8 AN BE AR A KRB R AT I 2k, b 75 220 23 1), TR A R A 5 R 2L
— AL UA AT DL g AR B A7

AT IR 1 B i SCAS HE AT 20 1) RIS N 3R R SCAR TT R R4 R R R token, 1URD
mr .

//Chapter5/data prepare.py

from transformers import AutoTokenizer
from datasets import load dataset

model path = r"Meta-Llama-3.1-8B-Instruct"
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HB A .

g fi 2 b AT B9 O A7 A SO AU AT

5.4.4 FIGAEBIAY

A0SR AE S 2R — A 4 A9 AR AL, ) m] LA 3 LlamaConfig X 42 % 9 4 Ak — A~ KR
B R BAS T .
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"intermediate size": 4096,

"max position embeddings": 2048,
"mlp bias": false,

"model type": "llama",

"num attention heads": 32,

"num hidden layers": 12,

"num key value heads": 8,
"pretraining tp": 1,

"rms norm eps": le-06,

"rope scaling": null,

"rope theta": 10000.0,

"tie word embeddings": false,
"transformers version": "4.43.1",
"use cache": true,

"vocab size": 32000

A TR E AT LR 9 R R — A R AL ARSI T

from transformers import LlamaForCausallM
model = LlamaForCausalLM(config)
print (model)

IR IX AR F A9 S BB BEALYT IR AL Y B i w5 R R SOR B I A AT LA T R

A TERZHECE LT FATT T BN — A TF IR BN 2 b ) IR T Ay 20 252 A 5 400 el i
A1 N G 0 4 B 2 A R A AR AN T

model path = "your model path"
model = AutoModelForCausallLM.from pretrained(model path)
tokenizer = AutoTokenizer.from pretrained(model path)

5.4.5 BIRIHTIZ
Bl T B E X Dataset N # 2Z /i 4b BT B 5 B token id #$28 Py Torch X4,

(M ERIa

import datasets
from torch.utils.data import Dataset

class CustomDataset (Dataset) :
def init (self, args, split="train"):
T iR AL A H E X Dataset ™"
self.args = args
self.dataset = datasets.load dataset(
"parquet",
data files=args.dataset name,
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logging steps: int = field(default=3)
#checkpoint PRAT I i

save strategy: str = field(default="steps")
#checkpoint ff77 1A K AR

save steps: int = field(default=3)

# B R TE checkpoint %R

save total limit: int = field(default=2)

HfArgumentParser J&3€ H HuggingFace Transformers JFE ) — 52 A T BE2%, T /#
e 24T S HOK BT B f], B T 21T S 8 AL B 0K S 8L i 4
JEAS B A0 U R 2 AL e 4 S A AR An

parser = transformers.HfArgumentParser (CustomArguments)
args, = parser.parse_args into dataclasses()

A 2 M A AT I PN ZRIIAS 15, 07T LA AR A S BORAE SO 25 BN AS 9 TE B 0, T i 4
JinR R HOHE S A 2 g i 2 A AU AT .

train dataset = CustomDataset (args=args)
from transformers import Trainer

trainer = Trainer (
model=model,
args=args,
train dataset=train dataset,
eval dataset=None

if name =="'_ main__':
trainer.train()

fiJ i o A AT AL S HOR R SN G A . fs 2 4

python pretrain model.py --output dir output dir --num train epochs 10 --per
device train batch size 8

eI T

//Chapter5/pretrain model.py

import datasets

from peft import TaskType, LoraConfig, get peft model

from torch.utils.data import Dataset

import torch

from transformers import AutoModelForCausallLM, AutoTokenizer, BitsAndBytesConfig
from dataclasses import dataclass, field

import transformers
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