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—https://github.com/DEAP/deap

e Python H [ K FRIE X GmFEHES(Gene Expression Programming Framework in
Python, GEPPY)—https://github.com/ShuhuaGao/geppy.

e Python H SRR NI IFIZE AL (NeuroEvolution of Argumenting Topologies in
Python, NEAT Python)—https://github.com/CodeReclaimers/ neat-python.

e OpenAl Gym—https://github.com/openai/gym.

e Keras/TensorFlow——https://github.com/tensorflow/tensorflow .

e PyTorch—https://github.com/pytorch/pytorch.
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JURRBEA T T T DLR SR SO BE 2 I8, (BN, B R R A
Ji%, A& BT AR A T .

LT
ES s B
LRI R HE WAL, U RS
MW Bt
WS/ S
HEN AR e

Kl 1-1 AT EDL Mgkt 54
AT R — D EAR TR, SRR B AR A SR 21 B 2RI A Y



18 BUREEIEN 7

Jiiks WRE T BUSHRIREE T3 ST, BRI T BAT A A A
KPNMMA 222038 ERMMGE, SR A HUAIERE LIS R rp I AN et ik
B et A .

1.2 EDL 194 R 55

EDL BE2—/MiEE, te—EMTIRES I TEME AR, fE8& -, EDL
SE R AT R ) A TR A AR e . SR, Btk T —&mT LA
BIERE S 2] 2 P REZBERRES I ERITER TR,
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PR B LT TR0, FROABEEETH K(vanishing gradient) )@, X8 H - S5 RFE M
ZEMR. MR, IXESLHM T REIEI LN R RIS, AE SHIRR. X PR
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TEYRBEZ T, IETHETIR H BN 2] (Automated Machine Learning, AML)F
AutoML IXEEARE R A EiR A . AT AML 1 AutoML, "EAI @ HaA N
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AR SR REOLT, SRR AR ST LR 2 LA R ARG R —
HRAGHATHE— D PPl . A RE AT UMD R I A, R B it
FXRWMATIEAEE LA . — N AutoML T H AT DLAEA-F
BRI AT, AR ) AR B AR AL

RRARBENE . MR N T R/ o7 SRR BE 27 2] AU AN ], 5 SR AR
ZEME T ARE R . LA ST IER I e X — PR AT DA KR
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